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Abstract

This study examines the relationship between atti-
tudes towards artificial intelligence, readiness for
change, and intention to leave. In this study, the re-
lational survey model, which is one of the quantita-
tive research methods, was employed. The sample
of the study consists of 159 employees working in
the banking sector in Ankara. In the study, a four-
part survey form was created using the demograp-
hic form developed by the researcher, “Artificial In-
telligence Attitude Scale”, “Readiness for Change
Scale”, and “Intention to Leave Scale”. The data
analysis process was carried out using the SPSS 23
program. The Artificial Intelligence Attitude Scale
is quite reliable. According to the research findings,
male participants have higher Positive Attitude and
Artificial Intelligence Attitude scores compared to

female participants; they also stated that they are
more open to change. The intention to leave the job
of the 21-30 age group is higher than the 51-65 age
group. As the income level increases and the level of
Al usage increases, the readiness for change scores
also increase. Paid users have the highest positive
attitude and openness to change. While there is a
positive relationship between Al Attitude and Rea-
diness for Change, no significant relationship was
found between the Intention to Leave and other va-
riables

Keywords: Artificial Intelligence, Readiness for
Change, Intention to Leave.

JEL Codes: M1

'This article is derived from a study originally presented at the IX. ASC 2025 Spring Congress (May 15-18, 2025), hosted by istanbul
Gedik University in Istanbul, Turkiye, and has been substantially revised to meet the academic and editorial standards required for

publication.

Citation: Varisli, N., & Bayar, M. (2025). Examining the Relationship Between Attitude Towards Artificial
Intelligence, Readiness for Change and Intention to Leave. Researches on Multidisciplinary Approaches

(Romaya Journal), 5(SI-IXASC2025): 142-155.

Submission Date / Yayina Gelis Tarihi : 26.05.2025
Acceptance Date / Yayima Kabul Tarihi : 24.07.2025

142



https://doi.org/10.5281/zenodo.17007350

https://orcid.org/0000-0002-0657-756X
https://orcid.org/0000-0002-8077-2160

Nuran Varigl / Minevver Bayar

1. Introduction

The rapid development of artificial intelligence (Al)
technologies and their increasing integration into
daily life make positive contributions to the quality
of life of individuals and make human life easier in
many areas. Artificial intelligence, which refers to
the cognitive abilities exhibited by machines, is not
only a technological revolution, but also a paradigm
shift that reshapes the thinking, learning and deci-
sion-making processes of individuals (Wirth, 2018).
Al research in computer science focuses on the de-
velopment of systems that can mimic the biological
intelligence and behavioural patterns of living things
(Farrow, 2019). In this context, Al can be defined as
the science and engineering of producing intelli-
gent machines (McCarthy, 2007).

Artificial intelligence is generally considered as a te-
chnology that aims to enable machines to perform
applications that are specific to human intelligence.
When evaluated from a definitional perspective, Al
can be expressed as the ability of a computer or ro-
bot to perform certain tasks like an intelligent living
being. However, there are also approaches that go
beyond this definition. According to Dereli (2020), Al
is a system that not only accesses information but
also learns by analyzing this information, adapts to
its external environment and can perform the tasks
assigned to it accordingly.

Jain (2018) defined artificial intelligence as “intelli-
gence exhibited by machines, as opposed to human
and animal intelligence” and stated that this techno-
logy has a structure that imitates the cognitive fun-
ctions of the human mind, such as problem solving
and learning. Looking from another perspective,
Boden (2014) underlines that the main purpose of
Al is to understand and illuminate mental processes
rather than commercial gains.

The ultimate goal of Al studies is to develop systems
that can perform human-like thinking, reasoning,
learning and decision-making processes. In this
context, Salvaris et al. (2018) define artificial intelli-
gence as the effort to produce intelligent machines
that have the capacity to simulate intelligence and
imitate human behavior. Similarly, Lexcellent (2019)
considers this technology as the modeling of human
intelligence by computer systems. Norvig (2012)
defines Al as the most important general-purpose
technology of our age, emphasizing that it has the
ability to make the right choice in situations where
humans cannot predict what to do. Brynjolfsson &
McAfee (2017) state that the power of artificial intel-
ligence comes from its ability to perform tasks with
high performance without the need for human inter-
vention and without the need to explain its opera-
ting logic in detail.

In this context, understanding individuals' attitudes
towards artificial intelligence is very important in ter-
ms of analyzing the behavioral tendencies they de-
velop towards the transformations brought about by
the mentioned technology. Because individuals’ atti-
tudes towards Al are generally shaped by underlying
beliefs, value judgments, and cognitive tendencies,
and unless this structure changes, attitudes remain
permanent (Colli & Oztiirk, 2006). Especially in a
period where radical technological changes such as
artificial intelligence are on the agenda, one of the
factors that determines the extent to which individu-
als are ready for this change is their attitudes towar-
ds Al (Colli & Oztiirk, 2006; Cakan & Akin, 2024).
Rafferty & Minbashian (2019) reveal that individuals'’
adaptation behaviors to technological innovations
are affected by their perceptions and beliefs about
these technologies. It can be said that individuals
with positive attitudes approach change processes
more openly and flexibly, whereas individuals with
negative attitudes tend to resist these processes
(Cakan & Akin, 2024).

It is thought that individuals’ attitudes towards arti-
ficial intelligence are not only limited to their reacti-
ons to technological developments but may also be
an indicator of the extent to which they are ready for
change. The fact that transformative technologies
such as artificial intelligence trigger change in many
areas, from working styles to social relations, incre-
ases the importance of the attitudes and behaviors
of individuals towards these transformation proces-
ses. Therefore, establishing a meaningful relations-
hip between attitudes towards artificial intelligence
and readiness for change plays a critical role in un-
derstanding both the individual adaptation process
and corporate innovation management. Especially
in today's world, where rapid technological transfor-
mations are taking place, determining the extent to
which individuals are open to such innovations has
become a fundamental requirement for the success-
ful adoption of artificial intelligence-based systems.

Today, the dizzying pace of technological develop-
ments is transforming the habits of individuals and
deeply affecting the operating dynamics of institu-
tions. In particular, increasing investments in rese-
arch and development activities, easier access to
information, and the penetration of digitalization
into every aspect of social life make change not only
possible but also an inevitable reality. In this context,
organizational change brings about radical trans-
formations not only in processes but also in decisi-
on-making mechanisms, accountability, and redefi-
nition of the institutional vision (Burke, 2017).

In this era where competition is intense and constant
change has become the norm, the survival of orga-
nizations depends largely on their success in change
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management. However, it is a striking finding in the
literature that most change processes do not achieve
the desired level of success (Rafferty & Minbashian,
2019). The failure of organizational change efforts is
often due to the lack of sufficient consideration of
the human factor (Girbiz & Bayik, 2019). This situ-
ation has led researchers to examine in depth the
psychological, behavioral and attitudinal factors that
affect the success of organizational change.

Especially today, artificial intelligence technologies,
which are considered the driving force of change,
play a central role in the transformation processes of
organizations. In this new era where artificial intelli-
gence-supported applications are radically transfor-
ming the way of doing business, the attitudes and
psychological reactions of individuals in organizati-
ons towards this technology have a direct impact on
the success of the change (Elias, 2009; Burke, 2017).

Factors such as employees’ job satisfaction, stress
level, and intention to leave are directly linked to
perceptions and attitudes towards artificial intelli-
gence. In this context, Al-based transformation pro-
cesses should be evaluated not only with their te-
chnical and structural dimensions, but also with the
psychological and emotional reactions of individuals
(Elias, 2009).

In this context, it can be said that employees’ attitu-
des towards artificial intelligence technologies may
affect their level of adaptation to change and there-
fore, their tendency to leave their jobs. Individuals
who view Al as a threat may begin to experience un-
certainty about their professional future, which may
increase their intention to leave their job. On the
other hand, employees who perceive artificial intel-
ligence as an opportunity and a supportive element
are more open to change and maintain their level
of organizational commitment. Therefore, individu-
al attitudes become a determining factor not only
in technological adaptation but also in employees’
desire to remain in the organization (Rafferty & Min-
bashian, 2019).

From a business perspective, retaining qualified
employees has become a strategic priority. The loss
of talented, experienced employees who contribu-
te to the organization at a high level can result in
serious costs not only in terms of human resources
but also in terms of knowledge, time and financial
resources (Uygug & Cimrin, 2004). For this reason,
businesses should correctly analyze the reasons that
trigger employees’ tendency to leave their jobs, de-
velop policies to minimize these risks, and carry out
change processes with employee-centered approa-
ches (Polat & Meydan, 2010).

In this context, the aim of the research is to exami-
ne the effects of individuals' attitudes towards ar-

tificial intelligence technologies on their readiness
for change and intention to leave their job. The im-
portance of the research lies in understanding the
attitudes of individuals towards artificial intelligen-
ce and the dimensions of these attitudes related to
openness to change and intention to leave the job
in order to make organizational change sustainable
in the process of rapid digitalization. It is thought
that these findings will contribute to the shaping of
human resources policies and the development of
change management strategies in a human-orien-
ted manner in both public and private sector orga-
nizations.

The hypotheses of this research are as follows:

e H1: The attitudes of banking sector employees
towards artificial intelligence differ according to
demographic factors (gender, age, education
level, household income status, length of servi-
ce in the sector, use of paid artificial intelligence
products).

® H2: The readiness of banking sector employees
for change varies according to demographic fa-
ctors (gender, age, education level, household
income level, length of service in the sector, use
of paid artificial intelligence products).

e H3: The intentions of banking sector employees
to leave their jobs vary according to demograp-
hic factors (gender, age, education level, hou-
sehold income level, length of service in the se-
ctor, use of paid artificial intelligence products).

e H4: There is a statistically significant relationship
between the attitudes of banking sector emp-
loyees towards artificial intelligence and their
readiness for change.

e H5: There is a statistically significant relationship
between the attitudes of banking sector emp-
loyees towards artificial intelligence and their
intention to leave their job.

e Hé: There is a statistically significant relationship
between the readiness for change of banking
sector employees and their intention to leave
their jobs.

2. Method
2.1. Research Model

In this study, the relational screening model, which
is within the scope of quantitative research metho-
ds, was used. The model in question is defined as a
screening design that allows the determination and
interpretation of relationships between multiple va-
riables (Simsek, 2012). The model of the research is
shown in Figure 1.
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Figure 1. Research Model

2.2. Universe and Sample

The population of the study consists of employees
working in the banking sector in Ankara. The main
reason for conducting the research in the banking
sector is that it has a structure in which intense work
tempo, high stress level and customer relations are
at the forefront. The sample of the study consists
of 159 employees working in the banking sector in
Ankara. The sample size was determined based on
a 95% confidence level. Simple random sampling
method was preferred in selecting the sample.

2.3. Data Collection Tools

In the study, a survey form consisting of four secti-
ons was created using the demographic form deve-
loped by the researcher, the “Artificial Intelligence
Attitude Scale”, the “Readiness for Change Scale”
and the “Intention to Leave Scale”. These scales are
as follows;

Artificial Intelligence Attitude Scale: The “Computer
Attitude Scale”, which was developed by Nickell &
Pinto (1986) and aimed to measure individuals’ atti-
tudes and beliefs towards computers, was updated
and re-adapted by Durndell & Haag (2002) in the fol-
lowing years as the “Internet Attitude Scale”. This
adaptation aimed to expand the scope of the scale
in parallel with technological developments and to
evaluate attitudes towards internet use. This scale
was translated into Turkish as “Artificial Intelligence
Attitude Scale” by Cakan & Akin (2024) in line with
technological developments. The scale consists of
two sub-dimensions that aim to measure positive
and negative attitudes towards artificial intelligence
and contains a total of 12 items. A 5-point Likert-ty-
pe measurement system is used for participants to
rate their opinions.

Readiness for Change Scale: The "Readiness for
Change” scale developed by Rafferty & Minbashi-
an (2019) was designed to assess individuals’ readi-
ness levels for organizational change. This scale was
adapted into Turkish and made available by Cakan
& Akin (2024). The single-dimensional scale conta-

ins a total of 5 items and a 7-point Likert-type rating
system is used to measure the attitudes of the par-
ticipants.

Intention to Leave Scale: The scale developed by
Reychav & Weisberg (2009) was created to measure
individuals’ attitudes and tendencies towards a spe-
cificissue. The scale in question was adapted to Tur-
kish by Buyukbese (2012) and made suitable for use
in the local context. The single-dimensional scale
contains a total of 8 items, and a 5-point Likert-type
scaling method is used to rate participants’ opini-
ons.

2.4. Analysis of Data

The data analysis process was carried out using the
SPSS 23 program. Firstly, Cronbach’s Alpha coeffi-
cient was calculated to evaluate the reliability of the
scales used. The conformity of the data to normal
distribution was tested before moving on to differen-
ce analyses; parametric test methods were preferred
in the analyses in line with the findings obtained. In
order to determine significant differences between
scale scores according to demographic variables,
t-test and one-way analysis of variance (ANOVA) for
independent samples were used. Correlation analy-
sis was applied to reveal the level and direction of
the relationships between the scales.

2.5. Reliability Analysis

Cronbach’s Alpha coefficient is one of the basic re-
liability indicators used to evaluate the internal con-
sistency of a scale and takes values between 0 and 1.
In the interpretation of this coefficient, the following
ranges are generally taken into account: 0.00-0.40
indicates low reliability, 0.40-0.60 indicates limited
reliability, 0.60-0.80 indicates a highly reliable struc-
ture, and 0.80-1.00 indicates a high level of reliability
(Tavsancil, 2005). In this context, Cronbach’s Alpha
coefficient is considered an important criterion in
determining the consistency and reliability of the
scale on the structure it measures.
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Table 1. Reliability Analysis

Cronbach's Alpha

Items
Negative Attitude 7 0.937
Positive Attitude 5 0.936
Artificial Intelligence Attitude Scale 12 0.778
Readiness for Change Scale 5 0.974
Intention to Leave Scale 8 0.919

The table presents the Cronbach Alpha coefficients
obtained within the scope of reliability analyses of
the scales used and their sub-dimensions. According
to the values obtained; Positive Attitude and Nega-

Table 2. Personal Information

tive Attitude sub-dimensions, Readiness for Change
Scale and Intention to Leave Scale were found to be
highly reliable. Artificial Intelligence Attitude Scale
has a generally very high level of reliability.

n %
Female 88 55.3
Gender
Male 71 447
21-30 14 8.8
31-40 26 16.4
Age
41-50 62 39.0
51-65 57 358
High School 6 3.8
Associate Degree 11 6.9
Education Status
Bachelor's Degree 83 52.2
Postgraduate 59 37.1
Less than 30.000 TL 6 3.8
Between 30.001-40.000 TL 9 57
Household Income Status
Between 40.001-50.000 TL 22 13.8
Over 50.000 TL 122 76.7
1 year or less 16 10.1
2-5 years 8 5.0
Duration of Employment in
the Sector 6-10 years 12 7.5
11-15 years 18 11.3
16 years and over 105 66.0
None 75 47.2
Use of Paid Artificial Intelli- | use the free versions o4 403
gence Products
| have a paid membership 20 12.6

Table 2 shows the distribution of participants’ per-
sonal characteristics. 55.3% of the participants are
female and 44.7% are male. The most densely popu-
lated age group is the 41-50 age group with 39.0%,
followed by the 51-65 age group with 35.8%. 52.2%
of the participants have a bachelor's degree, 37.1%
have a postgraduate degree, 6.9% have an associ-
ate's degree, and 3.8% have a high school degree.
When looking at household income, it is seen that
the vast majority (76.7%) have an income of over

50.000 TL. When the distribution of participants in
terms of their working years in the sector is exami-
ned, it is striking that 66.0% have 16 years or more
of experience. This group is followed by 11.3% with
11-15 years and 10.1% with 1 year or less of expe-
rience. When looking at the status of using paid arti-
ficial intelligence products, 47.2% of the participants
stated that they do not use any artificial intelligence
products, 40.3% use only free versions, and 12.6%
have paid memberships.
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3. Findings

Table 3. Descriptive Statistics

avg. sd. min max. skewness  kurtosis
Negative Attitude 21,45 7,55 7 35 0,004 -0,724
Positive Attitude 16,55 5,77 5 25 -0,454 -0,648
Artificial Intelligence Attitude Scale 38,00 8,27 19 60 0,557 0,467
Readiness for Change Scale 20,62 8,52 5 35 -0,087 -1,081
Intention to Leave Scale 19,03 7,94 8 40 0,67 -0,068

Skewness and kurtosis values were calculated to
determine the conformity of the data related to the
scales and their sub-dimensions to normal distribu-
tion. According to the widely accepted approach in
the literature, when these values are between -2 and
+2, it is interpreted that the data are normally distri-

buted (Hopkins & Weeks, 1990; De Carlo, 1997). As a
result of the analysis, the relevant values of all scales
and their sub-dimensions are within this range and it
is accepted that the data are normally distributed. In
this direction, parametric test methods were used in
statistical analyses.

Table 4. Comparison of Scale and Sub-Dimension Scores in Terms of Participants’ Gender

Female
sd.
Negative Attitude 20,94 7,53 22,08 7,57 -0,948 0,345
Positive Attitude 15,67 593 17,63 542 -2,156 0,033*
Artificial Intelligence Attitude Scale 36,61 7,28 39,72 9,11 -2,333 0,021*
Readiness for Change Scale 19,30 8,45 22,25 8,38 -2,203 0,029*
Intention to Leave Scale 19,14 7,68 18,89 8,30 0,196 0,845

Table 4 shows the independent sample t-test results
for comparing the Positive/Negative Attitude su-
b-dimension scores, Artificial Intelligence Attitude
Scale, Readiness for Change Scale and Intention to
Leave Scale scores according to the gender of the
participants. In terms of Positive Attitude, male par-
ticipants had significantly higher scores than female
participants. Male participants also had significantly
higher scores than female participants in the total

score of the Artificial Intelligence Attitude Scale. A
significant difference was also found in the scores of
the Readiness for Change Scale according to gen-
der. Male participants had higher scores indicating
that they were more open and ready for change. No
significant difference was found in the Negative At-
titude sub-dimension and Intention to Leave scales
according to gender.

Table 5. Comparison of Scale and Sub-Dimension Scores in Terms of Participants’ Ages

Negative Attitude 2243 898 2223 639 2074 7,84 2163 746 0360 0,782
Positive Attitude 1571 700 1804 506 1719 525 1537 615 1,717 0177
Artificial Intelligence 38,14 9,81 4027 894 37,94 853 37,00 721 0933 0,426
Attitude Scale
Readiness for Change Scale 21,93 840 2304 7,77 2050 870 1932 862 1,264 0,289
Intention to Leave Scale 24,07 7,39 20,27 5,74 18,40 8,47 17,89 7,97 2,695 0,048*
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Table 5 shows the ANOVA test results for comparing
the Positive/Negative Attitude sub-dimension sco-
res, Artificial Intelligence Attitude Scale, Readiness
for Change Scale and Intention to Leave Scale sco-
res of the participants according to their age groups.
In line with the findings, a statistically significant dif-
ference was found only in the Intention to Leave
Scale scores according to the age variable.

Participants in the 21-30 age group had significantly
higher scores on the Intention to Leave Scale com-

pared to those in the 51-65 age group.

When the Negative Attitude and Positive Attitude
sub-dimensions and the Artificial Intelligence Atti-
tude Scale and Readiness for Change Scale scores
were examined, it was seen that there was no sta-
tistically significant difference between age groups.
This finding reveals that individuals, regardless of
their age, show similar tendencies in their attitu-
des towards artificial intelligence and their levels of
openness to change.

Table 6. Comparison of Scale and Sub-Dimension Scores in Terms of Participants’ Educational Status

. Associate Bachelor's
High School begres e Postgraduate
avg. sd. avg. sd. avg. sd. avg. sd.
Negative Attitude 23,67 10,42 2218 494 2164 715 2083 825 0275 0,842
Positive Attitude 14,67 7,28 13,91 5,96 16,10 5,53 17,86 575 2,220 0,088
Artificial Intelligence 3833 1073 3609 446 3773 790 38469 912 0362 0781
Attitude Scale

Readiness for Change Scale 12,33 10,05 1845 787 2128 7,78 2093 917 2381 0,072
Intention to Leave Scale 1350 695 21,09 689 1904 7,88 1919 821 1231 0,300

Table 6 shows the ANOVA test results for comparing
the Positive/Negative Attitude sub-dimension sco-
res, Artificial Intelligence Attitude Scale, Readiness
for Change Scale and Intention to Leave Scale sco-

res according to the participants’ educational status.
As a result of the analysis, no statistically significant
difference was found in terms of all variables accor-
ding to the level of education (p>0.05).

Table 7. Comparison of Scale and Sub-Dimension Scores in Terms of Household Income Status of Participants

Between Between
Less than 20.001- 40.001- Over

<l 40.000TL  50.000 TL Sty

avg. sd. avg. sd. EVCR sd. avg. sd.
Negative Attitude 1933 9,85 2511 7,96 1973 818 21,60 726 1,268 0,287
Positive Attitude 17,00 7,13 14,44 600 1564 583 1684 571 0,69 0,556
Artificlal Intelligence 3633 967 3956 974 3536 668 3844 834 1051 0372

Attitude Scale

Readiness for Change Scale 1500 10,58 19,00 894 1664 882 2173 809 3422 0019
Intention to Leave Scale 21,17 10,74 22,33 7,04 2200 903 1814 7,53 27255 0,084

Table 7 shows the ANOVA test results for comparing
the Negative Attitude sub-dimension, Positive Atti-
tude sub-dimension, Artificial Intelligence Attitude
Scale, Readiness for Change Scale and Intention to
Leave Scale scores according to the household inco-
me status of the participants.

According to the findings, a statistically significant
difference was found in the Readiness for Change
Scale scores (p=0.019). In terms of the Readiness
for Change Scale, a significant difference was found
between individuals in the 40.001-50.000 TL income
group and individuals with an income of 50.000 TL
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and above.

When the Negative Attitude and Positive Attitude
sub-dimensions and the Artificial Intelligence Atti-
tude Scale and the Intention to Leave Scale scores
were examined, it was determined that there was no

statistically significant difference depending on the
income level (p> 0.05). This situation reveals that the
participants did not show a significant difference in
their attitudes and tendencies towards the variables
in question according to their income levels.

Table 8. Comparison of Scale and Sub-Dimension Scores in Terms of Participants’ Working Time in the Sector

16 years
1 | 2.5 6-10 11-15
year or less years years years and over
avg. sd. avg. sd. avg. sd. avg. sd. avg. sd.
Negative 21,50 841 2488 610 2317 747 21,83 609 2092 7,76 0,701 0592
Attitude ' '
Positive Attitude 1519 6,87 1913 594 1692 570 1606 527 1660 571 0662 0619
Artificial
Intelligence 3669 991 44,00 743 4008 935 37,89 891 37,52 7,74 1,450 0,220
Attitude Scale
Readinessfor . 40 2425 600 1942 909 2422 79 1990 845 1433 0226
Change Scale
Intentionto ), o, ;25 2150 705 1792 550 1922 774 1809 804 2679 0,034*

Leave Scale

Table 8 shows the ANOVA test results comparing the
Positive/Negative Attitude sub-dimension scores,

significant difference was found only in the Intention
to Leave Scale scores. Intention to Leave Scale sco-

Artificial Intelligence Attitude Scale, Readiness for
Change Scale and Intention to Leave Scale scores of
the participants according to their length of service

res were significantly higher in participants who had
been working in the sector for 1 year or less than in
participants with 16 years or more experience.

in the sector. According to the analysis findings, a

Table 9. Comparison of Scale and Sub-Dimension Scores in Terms of Participants’ Use of Paid Artificial Intelligence Products

| use the free | have a paid
versions membership
avg. sd. avg. sd.
Negative Attitude 20,01 728 21,73 786 2595 570 5227 0,006*
Positive Attitude 1528 519 1733 563 1880 7,32 4,066 0,019*
Artificial Intelligence Attitude Scale 3529 696 3906 7,73 44,75 10,04 10,137 0,000*
Readiness for Change Scale 16,33 7,34 23,56 7,14 27,25 8,75 25,334 0,000*
Intention to Leave Scale 18,16 8,02 20,75 7,90 16,75 6,91 2,843 0,061

Table 9 shows the ANOVA test results for comparing
the Negative Attitude sub-dimension, Positive Atti-
tude sub-dimension, Artificial Intelligence Attitude
Scale, Readiness for Change Scale and Intention to
Leave Scale scores according to the participants’
use of paid artificial intelligence products. Accor-
dingly, significant differences were found in the
Negative Attitude sub-dimension, Positive Attitude
sub-dimension, Artificial Intelligence Attitude Scale
and Readiness for Change Scale (p<0.05).

A significant difference was observed in Negative
Attitude scores. The negative attitude scores of paid
Al users are significantly higher than those who do
not use Al. The difference is also significant in terms
of Positive Attitude. Paid users have higher positi-
ve attitude scores than non-users. Significant diffe-
rences were found between all groups in the total
score of the Al Attitude Scale. It is observed that
as the level of Al use increases, attitude scores also
increase. The highest average is in the group with
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paid membership. The Readiness for Change Scale
scores differ significantly between the groups. Paid
users exhibit a profile that is more open to change
compared to both free users and non-users. In ter-
ms of the Intention to Leave Scale, the difference

Table 10. Correlation Analysis of Scale and Sub-Dimension Scores

is quite close to the significance level, but it is not
statistically significant. However, the striking point is
that this scale score is seen as the highest in the free
user group and the lowest in the paid user group.

Negative Positive Atti- I Arltll-flaal fReadP:ness Intention to
Attitude tude ntefligence LT Leave Scale
Attitude Scale Scale
r -
Negative Attitude
p
r -,252**
Positive Attitude
p 0,001
Artificial Intelligence r 37 A6T*
Attitude Scale P 0,000 0,000
Readiness for Chan- r 301 392** D49
ge Scale o 0,000 0,000 0,000
Intention to Leave r 0,028 0,077 0,080 0,091 -
Scale p 0,722 0,332 0,316 0,253

**: 5<0,01

Table 10 shows the results of the Pearson correlation
analysis conducted to determine the relationships
between the scales and their sub-dimensions. The
correlation coefficients obtained reveal the directi-
on and strength of the relationship between the va-
riables. According to Yazicioglu & Erdogan (2014),
the value of the Pearson correlation coefficient is
an important criterion in interpreting the level of
relationship. Accordingly, if the correlation coeffi-
cient is in the range of 0.00-0.25, the relationship is
considered very weak, in the range of 0.26-0.49, it
is considered weak, in the range of 0.50-0.69, it is
considered moderate, in the range of 0.70-0.89, it
is considered high, and in the range of 0.90-1.00, it
is considered very high. This classification provides
a basic reference for understanding the strength of
the relationship between variables. Accordingly;

It was determined that there was a weak, positive
and statistically significant relationship between the
Negative Attitude and the Readiness for Change
Scale (r = 0.307; p < 0.001). This finding shows that
individuals with negative attitudes can still be open
to change to a certain extent. Similarly, a weak, posi-
tive and significant relationship was found between
the Positive Attitude and the Readiness for Change
Scale (r = 0.392; p < 0.001). This result indicates that
individuals who develop a positive attitude towards
artificial intelligence are more ready for change pro-
cesses. The relationship between the Artificial Intelli-
gence Attitude Scale and the Readiness for Change
Scale was found to be moderate, positive and sta-
tistically significant (r = 0.549; p < 0.001). This shows
that positive attitudes towards artificial intelligence

in general increase the level of individuals’ adoption
of change. On the other hand, no statistically signi-
ficant relationship was found between the Intention
to Leave Scale and the Artificial Intelligence Attitude
Scale and its sub-dimensions (p > 0.05). Similarly, no
statistically significant relationship was found betwe-
en the Intention to Leave Scale and the Readiness
for Change Scale (p > 0.05). These results reveal that
the intention to leave does not show a direct relati-
onship with the other variables examined.

4. Conclusion and Discussion

In this section, statistical analyses regarding the fin-
dings obtained within the scope of the research are
presented and the relationships between the variab-
les are evaluated in detail.

In terms of Positive Attitude, male participants sco-
red significantly higher than female participants.
This shows that male participants have a more posi-
tive attitude towards Al. Male participants also sco-
red significantly higher than female participants in
the total score of the Al Attitude Scale. This finding
shows that male participants generally have a more
positive and accepting perspective towards Al.

This result is consistent with similar studies in the li-
terature. For example, Cankaya (2024) and Kandemir
& Azizoglu (2024) stated that male individuals have a
more positive attitude towards artificial intelligence
compared to females. Similarly, Figueiredo (2019),
Zhang & Dafoe (2019), Sindermann et al. (2022), and
Fietta et al. (2021) also found that men have a more
accepting and positive perspective towards tech-
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nological innovations. These findings suggest that
gender is an effective variable in shaping attitudes
towards technology.

On the other hand, it was found that male partici-
pants received significantly higher scores than fema-
le participants in terms of the Readiness for Chan-
ge Scale. This shows that male individuals are more
open and prepared for innovations and technologi-
cal transformations. However, this finding contradi-
cts some studies. For example, Helvac & Kiciroglu
(2010) and Levent (2016) stated that gender does
not have a significant effect on readiness for chan-
ge. This difference may be due to the professional,
cultural or demographic characteristics of the study
groups, or it may be related to the transformation of
technological awareness and social roles over time.

Participants in the 21-30 age group have significant-
ly higher scores on the Intention to Leave Scale than
those in the 51-65 age group. This finding shows
that individuals in the younger age group have a
stronger intention to leave their jobs. It is thought
that individuals, especially those in their early career
period, may be more likely to be open to alternative
job opportunities, re-evaluate career development,
or leave their current jobs due to fluctuations in job
satisfaction. This finding is consistent with the exis-
ting literature. Lewis (1991) and Khanin (2013) stated
that older employees are less likely to leave their
jobs than their younger counterparts. Similarly, Cho
& Song (2017) emphasized that individuals’ intention
to leave decreases as the time they spend in their
organization increases, meaning that tenure has a
negative effect on intention to leave. In this respect,
it can be said that variables such as age and seniority
play an important role in determining the tendency
to leave the job.

According to the research findings, no statistically
significant difference was found between age groups
in terms of Negative Attitude, Positive Attitude, Ar-
tificial Intelligence Attitude Scale and Readiness for
Change Scale scores. This result conveys that the at-
titudes of individuals in different age groups towar-
ds artificial intelligence and their levels of readiness
for change are largely similar. This result is similar
to some studies. For example, Cankaya (2024) did
not find any significant difference depending on the
age variable in terms of the Positive and Negative
Attitude sub-dimensions and the total score of the
Artificial Intelligence Attitude Scale. Similarly, Yakut
(2024) and Elsayed & Sleem (2021) did not find sta-
tistically significant differences in attitudes towards
artificial intelligence between age groups. Sentiirk
& Kokli (2013) also stated that age is not a deter-
mining variable in terms of readiness for change.
On the other hand, the literature on this subject is
not homogeneous. In particular, some studies show
that younger individuals have a more positive atti-
tude towards artificial intelligence. A study condu-

cted by YouGov (2023) in the USA determined that
the group that uses artificial intelligence tools such
as ChatGPT most intensively is between the ages
of 18-29. Similarly, Swed et al. (2022) found that the
majority of individuals aged 21-30 had a positive
approach towards Al. Kandemir & Azizoglu (2024)
emphasized that the positive attitude scores of in-
dividuals aged 45 and over were significantly lower
compared to younger age groups. In addition, Sabra
et al. (2023) found that nurses aged 25-35 had more
positive attitudes, while those aged 35 and over had
more negative attitudes. When looking at the re-
lationship between the age variable and readiness
for change, Er (2013) and Levent (2016) stated that
young individuals are more open to change and that
this situation is inversely proportional to age. Such
results suggest that factors such as digital literacy,
adaptability and openness to innovation, which are
inherent in technological transformations, work in
favor of young individuals. In conclusion, although
no significant age-related difference was observed
in this study, the findings in the literature provide
various evidence suggesting that especially young
individuals develop more positive attitudes towards
artificial intelligence technologies and change.

As a result of the analyses performed, it was deter-
mined that there was no statistically significant diffe-
rence according to the level of education in terms of
all variables examined. It can be said that this result
reveals that individuals’ attitudes towards artificial
intelligence and their levels of openness to change
are similar regardless of their academic qualificati-
ons. This result is consistent with some national and
international studies. For example, Kandemir & Azi-
zoglu (2024) and Cankaya (2024) did not find a signi-
ficant relationship between attitude scales towards
artificial intelligence and education level. Similarly,
in a study conducted in Lebanon, Doumat et al.
(2022) stated that there was no significant difference
between individuals’ academic levels and their atti-
tude scores towards artificial intelligence. In terms
of readiness for change, Levent (2016) revealed that
the level of education was not a determining factor.
On the other hand, some studies present results that
partially contradict these findings. For example, in
the study conducted by Akyazi (2023) with white-col-
lar workers in Aksaray, while no significant difference
was found in terms of education level in the Nega-
tive Attitude sub-dimension, it was found that the
positive attitude scores of undergraduate graduates
were higher than those of primary and secondary
school graduates. Similarly, in the study conducted
by Yakut (2024) in Ankara, it was determined that in-
dividuals with postgraduate education had higher
positive attitudes towards artificial intelligence com-
pared to primary school graduates.

According to the research results, a significant dif-
ference was found in terms of the Readiness for
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Change Scale scores according to the income levels
of the participants. In particular, it was determined
that individuals in the income group of 50.000 TL
and above were more ready for change compared
to individuals with incomes in the range of 40.001-
50.000 TL. This situation shows that income level can
have an impact on the openness of individuals to
innovations and transformations. The fact that indi-
viduals embrace change more easily as income le-
vel increases can be explained by the fact that they
have structural advantages such as financial security,
education and access to technology. Individuals in
higher income groups are likely to be more flexible
and motivated to follow and adapt to technological
developments, resulting in a higher level of readi-
ness for change.

No significant difference was found in the Negative
Attitude sub-dimension, Positive Attitude sub-di-
mension, Artificial Intelligence Attitude Scale and
Intention to Leave Scale variables according to in-
come level. This result reveals that individuals’ atti-
tudes towards artificial intelligence and their inten-
tion to leave their jobs are similar regardless of their
income level. This finding is consistent with some
studies in the literature. In fact, in the research con-
ducted by Yakut (2024), no significant difference was
found between the Artificial Intelligence Attitude
Scale and its sub-dimensions and the income levels
of individuals. This indicates that the level of econo-
mic well-being may not be a determining factor on
the perception and attitudes of individuals towards
technology.

The Intention to Leave Scale scores are significantly
higher among participants who have been working
in the sector for 1 year or less than those with 16 ye-
ars or more experience. This finding shows that tho-
se who are new to the sector have a higher intention
to leave, and this intention decreases as they gain
experience. It can be thought that individuals, es-
pecially those at the beginning of their professional
lives, are more likely to leave their jobs due to rea-
sons such as not yet having fully formed institutional
ties, low job satisfaction, or reshaping their career
expectations. This finding is also consistent with the
existing literature. In fact, studies conducted by Sel-
cuk & Seren (2024) and Boz (2024) have revealed that
individuals who are new to the sector have a higher
intention to leave their jobs. This situation shows
that factors such as uncertainty, difficulty in adapta-
tion and unfulfilled expectations experienced in the
early stages of business life can make individuals
more prone to question their current jobs.

In the studies conducted by Selamat et al. (2021),
Swed et al. (2022), Kandemir & Azizoglu (2024) and
Cankaya (2024), no statistically significant relations-
hip was found between attitudes towards artificial
intelligence and length of service in the sector. The-
se findings show that individuals’ attitudes towar-

ds artificial intelligence are shaped independently
of professional seniority. Similarly, in the research
conducted by Levent (2016), it was stated that the-
re was no significant difference between readiness
for change and sectoral experience. In this respect,
it can be said that individual responses to techno-
logical developments and institutional changes are
determined not only by professional experience but
also by factors such as personal characteristics, edu-
cation, level of exposure to technology and indivi-
dual attitudes.

A significant difference was observed in Negative
Attitude scores. Paid Al users had significantly hig-
her negative attitude scores than non-Al users. This
finding suggests that active users may also carry cri-
tical or cautious views towards technology. The diffe-
rence is also significant in terms of Positive Attitude.
Paid users have higher positive attitude scores com-
pared to non-users. This shows that individuals who
interact with Al more evaluate the technology more
positively. Significant differences were found among
all groups in the total score of the Artificial Intelli-
gence Attitude Scale. It is observed that as the level
of artificial intelligence use increases, attitude scores
also increase. The highest average is in the group
with paid membership. The findings are consistent
with the studies in the literature. For example, Can-
kaya (2024) stated that individuals who have knowle-
dge about artificial intelligence have higher positive
attitudes, but there is no significant difference in ter-
ms of negative attitudes. Similarly, Karacan Dogan et
al. (2023) also revealed that participants with higher
general knowledge levels develop more positive at-
titudes towards artificial intelligence. These results
show that the level of interaction and knowledge
with artificial intelligence technologies is an impor-
tant determinant of individual attitudes.

The scores on the Readiness for Change Scale differ
significantly between the groups. Paid users exhibit
a profile that is more open to change compared to
both free users and non-users. This finding shows
that individuals with access to digital technologies
are generally more open to innovation. In terms of
the Intention to Leave Scale, the difference is very
close to the significance level, but it is not statistical-
ly significant. However, it is noteworthy that this sca-
le score is highest in the free user group and lowest
in the paid user group. This can be interpreted as
individuals who work more integrated with techno-
logy may be more committed to their jobs.

A weak positive and significant relationship was
found between Negative Attitude and Readiness for
Change Scale (r = 0.301; p < 0.001). A weak positi-
ve and significant relationship was found between
Positive Attitude and Readiness for Change Scale (r
= 0.392; p < 0.001). A moderately positive and sig-
nificant relationship was found between Artificial In-
telligence Attitude Scale and Readiness for Change
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Scale (r = 0.549; p < 0.001). This finding shows that
general attitudes towards artificial intelligence are
a stronger determinant of openness to change. A
positive general perspective towards artificial intelli-
gence technologies enables individuals to adopt in-
novations more easily and be more willing to adapt.
The findings are consistent with some studies in the
literature. Cakan & Akin (2024) revealed in their study
that there is a positive and significant relationship
between attitudes towards artificial intelligence
and individuals' readiness for change. This finding
shows that individuals who develop a positive atti-
tude towards technological developments also ex-
hibit a profile that is more open to change. Similarly,
Rafferty & Minbashian (2019) stated that individuals'
beliefs about change are one of the basic antece-
dents of readiness for change and emphasized that
these beliefs are directly related to the technologi-
cal adaptation process. In addition, in the research
conducted by Irimia-Diéguez et al. (2023), it was sta-
ted that the positive attitudes of employees towards
innovative technologies significantly increase the in-
tention to adopt and use these technologies. These
findings show that attitudes have an impact not only
on perceptual levels but also on behavioral tenden-
cies.

There was no statistically significant relationship
between the Intention to Leave Scale and the Arti-
ficial Intelligence Attitude Scale and its sub-dimen-
sions (p>0.05). Accordingly, it is thought that indivi-
duals’ attitudes towards artificial intelligence do not
have a direct determining effect on their intention
to leave their jobs. However, this result differs from
some studies in the literature. In fact, in the study
conducted by Kili¢ (2023), it was revealed that there
was a low-level but positive and statistically signifi-
cant relationship between employees’ awareness
of artificial intelligence and their intention to leave
their jobs. This finding suggests that the integration
of Al technologies into business processes may be
associated with factors such as uncertainty, job loss
anxiety, or task changes for some employees. Simi-
larly, Li et al. (2019) found a significant relationship
between employees’ Al awareness and their intenti-
on to leave their jobs.

No statistically significant relationship was found
between the Intention to Leave Scale and the Readi-
ness for Change Scale (p>0.05). Although readiness
for change is a feature that facilitates adaptation to
organizational innovation processes, it may not be
a determining factor in individuals’ decisions to le-
ave their current jobs. This finding is consistent with
some studies in the literature. For example, Neves
(2009) stated that employees’ readiness for change
is not directly related to their intention to leave their
job, but rather has an indirect effect through emoti-
onal commitment to change. Similarly, Cunningham
(2006) reported that there was no statistically signifi-
cant relationship between individuals' commitment

to change and their intention to leave their jobs.
This result shows that commitment to change does
not affect employees’ intention to leave their jobs in
all cases.

In line with the research findings, it is recommen-
ded that institutions organize awareness and trai-
ning programs for employees in order to improve
attitudes towards artificial intelligence. In particular,
inclusive approaches should be adopted to support
female employees in developing positive attitudes
towards technology. The fact that young employe-
es have higher intentions to leave their jobs reve-
als the importance of career planning, supportive
leadership and commitment-enhancing practices
specific to this group. In addition, the fact that indi-
viduals who interact more with artificial intelligence
technologies have higher levels of positive attitudes
and openness to change indicates that employees
should be actively introduced to these technologies.
Finally, considering the difference between income
level and readiness for change, supportive programs
should be developed to facilitate the adaptation of
employees in the low-income group to change pro-
cesses.

References

Akyazi, T. E. (2023). A study on the relationship between emp-
loyees’ attitude towards artificial intelligence and organizational

culture. Asian Journal of Economics, Business and Accounting,
23(20), 207-219. https://doi.org/10.9734/AJEBA/2023/v23i201105

Boden, M. A. (2014). Creativity and artificial intelligence: A cont-
radiction in terms. In E. Paul & S. Kaufman (Eds.), The philosophy
of creativity: New essays (pp. 224-246). Oxford University Press.

Boz, D. (2024). Sessiz istifanin isten ayrilma niyetine etki§i: Cagri
merkezi calisanlarina yénelik bir arastirma. Dumlupinar Universi-
tesi Iktisadi ve Idari Bilimler Fakultesi Dergisi(13), 1-11.

Brynjolfsson, E., & Mitchell, T. (2017). What can machine learning
do? Workforce implications. Science, 358(6370), 1530-1534. htt-
ps://doi.org/10.1126/science.aap8062

Burke, W. (2017). Organization change: Theory and practice (4th
ed.). Sage Publications.

Buylkbese, T (2012). Glglendirici liderligin calisan performansi
ve isten ayrilma niyetine etkisi: Bir model dnerisi [Yayimlanmamis
doktora tezi, Kahramanmaras Siitcii imam Universitesi Sosyal Bi-
limler Enstitisi]. YOK Tez Merkezi.

Cho, Y. J., & Song, H. J. (2017). Determinants of turnover intention
of social workers: Effects of emotional labor and organizational
trust. Public Personnel Management, 46(1), 41-65. https://doi.
org/10.1177/0091026017696395

Cunningham, G. B. (2006). The relationships among commitment
to change, coping with change, and turnover intentions. Europe-
an Journal of Work and Organizational Psychology, 15(1), 29-45.
https://doi.org/10.1080/135943205004187 66

Cakan‘, M., & Akin, A. (2024). Yapay zeka tutum ve degisime hazir
olma: ki 6lgek uyarlama calismasi. Econder Uluslararasi Akademik
Dergi, 8(2), 137-167.

Cankaya, A. (2024). Hastane oncesi acil saglik hizmetleri ¢alisan-
larinin yapay zeka tutumlari ile tibbi yapay zeka hazir bulunugluk
diizeyi iliskisinin degerlendirilmesi [Yiksek lisans tezi, Selcuk Uni-
versitesi Saglik Bilimleri Enstitist]. YOK Tez Merkezi.

Colli, E. F, & Oztiirk, Y. E. (2006). Orgiitlerde inanglar-tutumlar,
tutumlarin élciim yontemleri ve uygulama &rnekleri: Bu yéntem-

lerin degerlendirilmesi. Selcuk Universitesi Sosyal Bilimler Meslek
Yiksekokulu Dergisi, 9(1-2).

153




Examining the Relationship Between Attitude Towards Artificial Intelligence, Readiness for

Change and Intention to Leave

De Carlo, L. T. (1997). On the meaning and use of kurto-
sis. Psychological Methods, 2(3), 292-307. https://doi.or-
9/10.1037/1082-989X.2.3.292

Dereli, T. (2020). Birey ve toplum giivenligi, yapay zeka ve insanlik.
Bilisim Teknolojileri ve iletisim Dergisi, (93-94), 32-38.

Doumat, G., Daher, D., Ghanem, N.-N., & Khater, B. (2022). Know-
ledge and attitudes of medical students in Lebanon toward artifi-
cial intelligence: A national survey study. Frontiers in Artificial In-
telligence, 5, 1015418. https://doi.org/10.3389/frai.2022.1015418

Durndell, A., & Haag, Z. (2002). Computer self-efficacy, computer
anxiety, attitudes towards the Internet and reported experience
with the Internet, by gender, in an East European sample. Com-
puters in Human Behavior, 18, 521-535. https://doi.org/10.1016/
S0747-5632(02)00006-7

Elias, S. M. (2009). Employee commitment in times of chan-
ge: Assessing the importance of attitudes toward organizatio-
nal change. Journal of Management, 35(1), 37-55. https://doi.
org/10.1177/0149206307308910

Elsayed, W. A., & Sleem, W. F. (2021). Nurse managers’ percepti-
on and attitudes toward using artificial intelligence technology in
health settings. Assiut Scientific Nursing Journal, 9(24), 182-192.
https://doi.org/10.21608/asn;j.2021.72740.1159

Er, E. (2013). ilkdgretim okulu &gretmenlerinin algilarina gdre
okulun degisime acikligr ile degisim kapasitesi arasindaki iligkinin
incelenmesi (Yiiksek lisans tezi, Gazi Universitesi Egitim Bilimleri
Enstitiist). YOK Tez Merkezi.

European Commission. (2017). Attitudes towards the impact of
digitisation and automation on daily life (Special Eurobarometer
460).

Farrow, E. (2019). To augment human capacity—Artificial intel-
ligence evolution through causal layered analysis. Futures, 108,
61-71. https://doi.org/10.1016/j.futures.2018.12.004

Fietta, V., Zecchinato, F., Di Stasi, B., et al. (2021). Dissociation
between users’ explicit and implicit attitudes toward artificial
intelligence: An experimental study. |[EEE Transactions on Hu-
man-Machine Systems, 52(3), 481-489. https://doi.org/10.1109/
THMS.2021.3064465

Figueiredo, M. M. (2019). Artificial intelligence acceptance: Morp-
hological elements of the acceptance of artificial intelligence (Do-
ctoral dissertation). [ProQuest Dissertations Publishing].

Gurbuz, S., & Bayik, M. E. (2019). Motivasyon, deneyime aciklik
ve érgutsel baglilik: Degisime iligkin tutumlarin aracilik rold. Turk
Psikoloji Dergisi, 34(Ozel Sayi), 4-21.

Helvaci, M. A, & Kiciroglu, B. (2010). ilkégretim okullarinin degi-
sime hazirbulunugluk diizeyleri (Usak ili drnegi). Akademik Bakis
Dergisi, 21, 1-30.

Hopkins, K. D., & Weeks, D. L. (1990). Tests for normality and me-
asures of skewness and kurtosis: Their place in research reporting.
Educational and Psychological Measurement, 50(4), 717-729. htt-
ps://doi.org/10.1177/0013164490504001

Irimia-Diéguez, A., Velicia-Martin, F, & Aguayo-Camacho, M.
(2023). Predicting FinTech innovation adoption: The mediator
role of social norms and attitudes. Financial Innovation, 9(1), 36.
https://doi.org/10.1186/s40854-023-00463-w

Jain, S. (2018). Human resource management and artificial intelli-
gence. International Journal of Management and Social Sciences
Research, 7(3), 56-59.

Kandemir, F,, & Azizoglu, F. (2024). Hemsirelerin yapay zekaya yo-
nelik genel tutumlarinin incelenmesi. Yogun Bakim Hemsireligi
Dergisi, 28(2), 113-125.

Karacan Dogan, P, Dogan, I., & Cetinkayali, G. (2023). Spor bi-
limleri 6grencilerinin yapay zekaya yonelik tutumlari ile is bulma
kaygilari arasindaki iliskinin incelenmesi. Yalova Universitesi Spor
Bilimleri Dergisi, 2(3), 174-189.

Khanin, D. (2013). How to reduce turnover intentions in the fa-
mily business: Managing centripetal and centrifugal forces.
Business Horizons, 56(1), 63-73. https://doi.org/10.1016/].bus-
hor.2012.09.005

Kilig, Y. E. (2023). Yapay zeka farkindaligi ile isten ayrilma niyeti ve
performans arasindaki iliskide orgltsel destek ve rekabetci psi-
kolojik iklimin rolii (Yiksek lisans tezi, Aksaray Universitesi Sosyal
Bilimler Enstitist). YOK Tez Merkezi.

Levent, F. (2016). Ogretmenlerin degisime hazir o|m§1 durumla-
rinin farkli degiskenlere gére incelenmesi. Marmara Universitesi
Atatirk Egitim Fakultesi Egitim Bilimleri Dergisi, 43(43), 117-134.

Lewis, G. B. (1991). Turnover and the quiet crisis in the federal civil
service. Public Administration Review, 51(2), 145-155.

Lexcellent, C. (2019). Artificial intelligence versus human intelli-
gence. SpringerBriefs in Applied Sciences and Technology. htt-
ps://doi.org/10.1007/978-3-030-21445-6

Li, S., Rees, C. J., & Branine, M. (2019). Employees’ perceptions
of human resource management practices and employee outco-
mes: Empirical evidence from small and medium-sized enterpri-
ses in China. Employee Relations: The International Journal, 41,
1419-1433. https://doi.org/10.1108/ER-01-2019-0065

McCarthy, J. (2007). What is artificial intelligence? Stanford Uni-
versity. http://jmc.stanford.edu/articles/whatisai/whatisai.pdf

Neves, P. (2009). Readiness for change: Contributions for emp-
loyee's level of individual change and turnover intentions.
Journal of Change Management, 9(2), 215-231. https://doi.
org/10.1080/14697010902879178

Nickell, G. S., & Seado, P. C. (1986). The impact of attitudes and
experience on small business computer use. American Journal of
Small Business, 10, 37-48.

Norvig, P. (2012). Artificial intelligence: Early ambitions. New

Polat, M., & Meydan, C. H. (2010). Org&tsel ozdeslesmenin sinizm
ve isten aynlma niyeti ile iligkisi Uzerine bir arastirma. Savunma
Bilimleri Dergisi, 9(1), 145-172.

Rafferty, A. E., & Minbashian, A. (2019). Cognitive beliefs and po-
sitive emotions about change: Relationships with employee chan-

ge readiness and change-supportive behaviors. Human Relations,
72(10), 1623-1650. https://doi.org/10.1177/0018726718809154

Reychav. |. & Weisberg. J. (2009). Going beyond technology:
Knowledge sharing as a tool foren hancing customer- oriented at-
titudes. International Journal of Information Management, 29(5),
353-361.

Sabra, H. E., Abd Elaal, H. K., Sobhy, K. M., & Bakr, M. M. (2023).
Utilization of artificial intelligence in health care: Nurses' perspe-
ctives and attitudes. Menoufia Nursing Journal, 8(1), 253-268. ht-
tps://doi.org/10.21608/MENJ.2023.297411

Salvaris, M., Dean, D., & Tok, W. H. (2018). Deep learning with
Azure. https://doi.org/10.1007/978-1-4842-3679-6

Selamat, E. M., Sobri, H. N. M., Hanan, M. F. M., Abas, M. |., Ishak,
M. F. M., Azit, N. A, Abidin, N. D. I. Z., Hassim, N. H. N., Ahmad,
N., Rusli, S. A. S. S. (2021). Physicians’ attitude towards artifici-
al intelligence in medicine, their expectations and concerns: An
online mobile survey. Malaysian Journal of Public Health Medici-
ne, 21(1), 181-189. https://doi.org/10.37268/mjphm/vol.21/no.1/
art.742

Selcuk, D., & Seren, A. K. H. (2024). Hemsirelerde isten ayriima
niyeti ile zorunlu vatandaslik davranisi arasindaki iliski. Saglik ve
Hemsirelik Yonetimi Dergisi, 11(1):11-21.

Sindermann, C., Yang, H., Elhai, J. D., et al. (2022). Acceptance
and fear of artificial intelligence: Associations with personality in
a German and a Chinese sample. Discover Psychology, 2(1), 8.
https://doi.org/10.1007/s44202-022-00009-3

Swed, S., Alibrahim, H., Elkalagi, N. K. H., Nasif, M. N., Rais, M. A,,
Nashwan, A. J., Aljabali, A., Elsayed, M., Sawaf, B., & Albuni, M. K.
(2022). Knowledge, attitude, and practice of artificial intelligence
among doctors and medical students in Syria: A cross-sectional
online survey. Frontiers in Artificial Intelligence, 5, 1011524. htt-
ps://doi.org/10.3389/frai.2022.1011524

Sentlrk, S. K., & Kokld, M. (2010). ilkégretim okullarinda goérev
yapan 6gretmenlerin degisime direncleri ve degisime ac¢ik olma
durumlari. 19. Egitim Bilimleri Kurultayi Bildiri Ozetleri Kitab, Lef-
kosa, Kibris.

154




Nuran Varigl / Minevver Bayar

Simsek, A. (2012). Sosyal bilimlerde arastirma yontemleri. Eskige-
hir: Anadolu Universitesi Yayinlari.

Tavsancll, E. (2005). Tutumlarin él¢tlmesi ve SPSSile veri analizi (3.
baski). Ankara: Nobel Yayin Dagitim.

Uygug, N., & Cimrin, D. (2004). DEU arastirma ve uygulama has-
tanesi merkez laboratuvari calisanlarinin érgiite baghliklarini ve is-
ten ayrilma niyetlerini etkileyen faktorler. Dokuz Eylil Universitesi
Iktisadi Idari Bilimler Fakiltesi Dergisi, 19(1), 91-99.

Wirth, N. (2018). Hello marketing, what can artificial intelligence

help you with? International Journal of Market Research, 60(5),
435-438. https://doi.org/10.1177/1470785318776841

Yakut, i.‘ (2024). Yapay zekaya yonelik tutum ve dindarlik iliskisi. Ko-
catepe Islami llimler Dergisi, 7(1), 37-59. https://doi.org/10.52637/
kiid.1426977

Yaziciogly, Y., & Erdogan, S. (2014). SPSS uygulamali bilimsel aras-
tirma yontemleri (3. baski). Ankara: Detay Yayincilik.

YouGov. (2023). Daily survey: ChatGPT January 24-27, 2023 — 1000
US adult citizens. https://d3nkl3psvxxpe?.cloudfront.net/docu-
ments/tabs_ChatGPT_20230124.pdf

Zhang, B., & Dafoe, A. (2019). Artificial intelligence: American at-
titudes and trends. Available at SSRN. https://doi.org/10.2139/
ssrn.3312874

155




